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Abstract G rassland shows obvious seasonal pattems and the effect of grasshnd classificaton vares in
different stage w ithin its life span  Field spectmm dataw ih high resolition of dom inant grasslands in he region
aound Q inghai lake was collected at 16 tempomrals in 2003 using GER 1500 spectran eter A nalysis of spectrun
classificaton experinents brgmasslands shows that spectum  transfom ation affects he classification accuracy
C hssifica tion m ehod conbining with certain spectnm tmansfomation can achieve much beter result than using
the raw spectnm refkctance M aximun lkelihood and support vectorm achine using moving average spectrun
speciral ang e mapping andm nimun distance usng first order derivative of spectum’ s logarihm and artificial
neural newoik using firstower dervatve of nomalized spectum can mpwve classification esult Then the
paper carries out classification experin ents for each empoml and detem ines the optin al temporal for grassland
spectum classification The optinal temporal for natral and artificial grassland classificaton is at he beginning
of grass uming green or in hem idle ten days of August with highest recognition accuracy mounting to 99%.
The optinal temporal for artificial grassland classification is in the middle ten days of May with highest
recognition acairacy mounting to 95%, and it is worst for artificial grassland classification in hem iddk #n
days of July The optinal empoml for naural gassland classification is n hem ddle ten days of August wih
highest ®emgnition acairacy mounting to 87%. Experimentusing TV data testifies the resu It derived fron field
spectum data
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1 2 3 4 5 6 7 8
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Table3 R ecognition accuracy of naturaland artificial grasslands in all tin e(’5 )
ma(R) d(R) bg(R) N(R) d( bg(R)) log(N(R)) d(N(R))

MLC 82. 28 72 11 72 68 68 32 68. 55 72 76 63 61

SVM 87. 92 72 81 77 48 75 31 64. 49 77 25 64 49

SAM 67. 76 69 16 67 26 67 48 71. 87 66 76 67 53

MD 69. 64 66 41 70 52 69 98 72. 13 69 14 63 16

ANN 72. 67 83 16 73 02 77 88 86. 78 76 99 87 65
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